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! Ant Colony Optimization
2 Artificial Bee Colony

* Employed bees

* Onlooker bees
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® Artificial Fish-Swarm

" Artificial Immune System
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& Charged System Search

® Chemical Reaction Optimization
19 Cross-Entropy

!1 Rare-event probability

12 Cuckoo Search

3 Current Search
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! Bacterial Foraging Optimization

% Chemotaxis

® Reproduction

* Bat Algorithm

® Big Bang-Big Crunch

® Biogeography-Based Optimization
" Organism
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® Galaxy-based Search Algorithm
® Genetic Algorithm

1% Glowworm Swarm Optimization
1 Luciferin

'2 Gravitational Search Algorithm
3 Group Search Optimizer

“ Producer

15 Scrounger
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! Differential Evolution

2 Mutation

® Crossover

* Electromagnetism Search

® Evolution Strategies

® Evolutionary Programming
" Firefly Algorithm
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® Intelligent Water Drop
" Key Cutting Algorithm
& Monkey Search

° paddy Field Algorithm
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" Human Team Search

& Shuffled Frog-Leaping Algorithm
® Simulated Annealing

19 Tabu Search
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! Particle Swam Optimization

% Quantum-inspired Evolutionary Algorithm
% Collapse

* Observing

® River Formation Dynamics
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